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Loss_cons/train Loss_cons/test

® 10

Run Min Max Start Value End Value AValue

O 10K s 20k - : 3t &0k

Run + Min Max  Start Value End Value AValue a% Start Step End Step
® GridMeshVAE Ver3/December_11/01. 08 1.4152 27995 2.7995 1.4189 +1.3805 +49% 19 40,000

® GridMeshVAE Ver3/December_11/01_ 08 1.522 29509 29509 1.5228 1428
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Loss_cons/train s : Loss_cons/test

2k S0k P P 80K T 100 ) ‘ 4 a0k 50k 6k 70K 80K s (R
Min Max Start Value End Value AValue A% Start Step End Stop Run * Min Max Start Value End Value AValue L% Start Step End Step
P GridMeshVAE Ver6/December_20/03.23 1523 23326 23326 1.5235 +0.809 «-35% 173 100,000 @ GridMeshVAE Ver6/December_20/03_23 1.6197 24115 24115 1.6209 $0.7906 +-33% 173 100,000
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